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SMS Spam Detection Using Noncontent Features
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Additional Experiments

To further examine our approach’s feasibility and robustness, we ran
experiments on another real-world dataset that’s been used to detect
spammers in online video social networks.16 This dataset has eight
static features, eight network features, and two temporal features. We
randomly sampled 79 spammers as positive examples and 79
legitimate users as negative examples for training, and then we
sampled 78 spammers as positive examples and the remaining 562
normal users as negative examples for testing. Similarly, we
conducted two experiments. The first compared the AUC
performance of the k-NN and SVM algorithms based on the same
feature set, and the second examined the effects of different feature
sets on AUC performance. Figure 4 shows the experimental results.
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