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SPRINT: A Scalable Parallel Classifier for Data Mining
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5 Conclusion

With the recent emergence of the field of data mining, there
is a great need for algorithms for building classifiers that can
handle very large databases. The recently proposed SLIQ
algorithm was the first to address these concerns.
Unfortunately, due to the use of a memory-resident data
structure that scales with the size of the training set, even
SLIQ has an upper limit on the number of records it can
process. In this paper, we presented a new classification
algorithm called SPRINT that removes all memory
restrictions that limit existing decision-tree algorithms, and
yet exhibits the same excellent scaling behavior as SLIQ. By
eschewing the need for any centralized, memory-resident
data structures, SPRINT efficiently allows classification of
virtually any sized dataset. Our design goals also included
the requirement that the algorithm be easily and efficiently
parallelizable. SPRINT does have an efficient parallelization
that requires very few additions to the serial algorithm.
Using measurements from actual implementations of these
algorithms, we showed that SPRINT is an attractive
algorithm in both serial and parallel environments.
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