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Influence Maximization on Multi-Phased

Multi-Layered Network
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7. Conclusion and Future Work

In our project, we focuse on a specific dataset - the
spread of discovery of a particle on Twitter, which is a
multi-phased, multi-layered network. We have explored
some aggregation model for multi-layered network, under
different assumptions. Using Information Maximization
algorithms we are able to determine the most influential
nodes in multi-layered network. The exprimental results
shows that our strategy of assigning edge probabilities
outperforms state-of-arts methods.

In the future, we would like to adopt online edge prob-
ability learning strategies to more general network, and ex-
plore the change of edge probabilities to measure the effec-
tiveness of the online learning methods.
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