.0:? Scientific
#43* Research

Alie a4z y 5l (S

s e gy Olgie

6BM6£$QBBDTIW)M&WL&U¢>L3W&
(WNN) Wavelet K¢ onas
; lie Sl Olgis
Forecasting Baltic Dirty Tanker Index

by Applying Wavelet Neural Networks

Received November 12, 2012; revised December 15, 2012; accepted December 25, 2012

lasg

il a5l 2end LS 6

ot B Lol (il ys 1B) 39 a3 b o ok a7 e gt 51,

ld (S Loty (e

aioye Ol S5l oKy 3



http://iranarze.ir/Forecasting+Baltic+Dirty+Tanker+Index+by+Applying+Wavelet+Neural+Networks

4. Modeli
4.1. Data

Results

The data includes the daily BDTI value between August
3rd 1998 and February 25th 2011, which is equal to 3147
trading days. The data were supplied by Baltic Exchange
London, Ltd.

For the same period, the data of the Brent Qil Price
Index, CBOE SPX Volatility Index, and S&P Global
1200 Index were collected from Bloomberg Financial
Laboratory; the Amex Oil Index and Dow Jones Industry
Average Index data were collected through Yahoo Fi-
nance [50], with quotation codes ~XOI and ~DJI.

Following Ripley [51], the data is cataloged into three
sets: the training set, validation set and test set. The train-
ing set refers to a set of example data used for learning,
in order to identify the weights. The validation set is a set
of examples used to select the number of hidden nodes in
a neural network. This set is combined with test data
since the hidden nodes will be set through experience.

The test set is related to assess the performance of networks.

Data sets for 4 weeks (20 days [52]), 12 weeks (60 days),
24 weeks (120 days) and 48 weeks (240 days) are used to
examine the performance of WNN and ARIMA.

The data were cleaned in order to make these data
valid for the same point in time. The time points of the
other six indices data are strictly in line with those of the
BDTI, gap values for certain trading days for the six in-
dices are filled using the value of its nearest previous
trading day, and redundant values are deleted.

All the data are normalized for WNN to recognize and
process them. This is because every Morlet wavelet node’s
signal is restricted to a 0 to 1 range and training targets
therefore should be normalized between 0 and 1 (see (2),
(4), (7), (12) and (15)). The data were normalized as fol-
lows:
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