o \Ye JT< CJ'J—.'I

63g-Ll> gLaULS a5 g 49

L dlie ayld Olgis

P SzeS slo (S b yes G (nlize i dshad

s Alie endSS Olgie

Feedforward semantic segmentation with zoom-out features
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.5 Conclusions

The main point of this paper is to explore how far we can
push feedforward semantic labeling of superpixels when we use multilevel, zoom-out feature construction and
train non-linear classifiers (multi-layer neural networks) with asym-metric loss. The results are perhaps
k ofcsurprising: we can far surpass previous state of the art, despite apparent simplic-ity of our method and la
taexplicit representation of the structured nature of the segmentation task. Another impor-tant conclusion th
n andoemerges from this is that we finally have shown that segmentation, just like image classification, de-tecti
.other recognition tasks, can benefit from the ad-vent of deep convolutional networks
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