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Computational ghost imaging using deep learning
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4. Conclusions

In this study, we have proposed using a DNN to improve the
quality of images produced with CGI and have presented results from
simulations where a DNN was trained using a dataset of 15,000 images.
We compared the images reconstructed by the proposed method with
those obtained by differential CGI and bilateral denoising. While testing
with eight images that were not included in the training dataset, the
average SSIM of the proposed method was over 0.3 compared with only
around 0.2 for the differential CGI and bilateral denoising methods. In
our next study, we will improve the structure of the DNN to further
improve the image quality.
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