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Learning to Filter Spam E-Mail: A Comparison of a Naive Bayesian

and a Memory-Based Approachl
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7. Conclusions

We performed a thorough evaluation of two learning methods on the task of anti-spam
filtering, using a corpus that we made publicly available, and suitable cost-sensitive

evaluation measures. Both methods achieved very high classification accuracy and clearly
outperformed the anti-spam keyword patterns of a widely used e-mail reader. Our findings
suggest that it is entirely feasible to construct learning-based anti-spam filters when spam
messages are simply to be flagged, or when additional mechanisms are available to inform the
senders of blocked messages. When no such mechanisms are present, a memory-based

approach appears to be more viable, but great care is needed to configure the filter
appropriately.
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